10 Attainment in Reading and M aths:
Variance Components Analysis

This chapter and the next one present the results of a series of multivariate analyses of the
data for the first two years of the study. This analysis has two general objectives. First,
multivariate models can help to show how certain outcomes of schooling are determined.
We dready know, for example, that the second-year scores are related to social class, to
ethnic group and to the first-year scores, but we need to build a model that describes this
whole pattern of inter-relationships, so as to show, for example, how far ethnic group is
related to second-year scores after taking account of the effect of other variables. The
second objective is to assess the nature and size of differences between schools in the
outcomes they achieve, after taking account of differencesin the inputs.

To achieve these objectives, we adopted the method of ‘ variance components analysis
devel oped by the Department of Applied Statistics at the University of Lancaster. Models
that aim to explain second-year attainment in reading and maths are described in the present
chapter. The next chapter considers models in which factors other than attainment (for
example, participation in school activities) are taken as the outcomes of the educational
process. A technical description of the form of analysis appears at Appendix A.

Introduction to variance components analysis

In any particular analysis, we start by choosing one variable as the criterion of successto
be considered. This is called the ‘dependent variable’. Many of the analyses take the
second year reading or maths score asthe dependent variabl e, but the next chapter describes
further analyses that take enthusiasm for school or participation in school activities asthe
criterion of success. Next, a number of other variables are chosen (called ‘independent
variables') and a ‘model’ is constructed which exhibits the relationships between the
variousindependent variables and the one dependent variable or criterion of success. This
model takes account of the separate and joint effects of the independent variables.

The variables, such asreading score or socia class, refer to individual children and not
to schools. Where the ‘outcome’ or dependent variable in the analysis is a second year
attainment score, the corresponding first year attainment score is always included as one
of the independent variables. That means that the standard the children had reached at the
time when they entered the schools is always taken into account. Strictly speaking, the
analysisdoesnot consider ‘rate of progress'; instead, it triesto explain attainment at agiven
point after taking into account the level of attainment of the same child at an earlier point.
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The ‘fixed part’ of the model describes the relationships without taking account of the
way that children are grouped into schools. The ‘random part’ of the model describesthe
way in which this pattern of relationshipsis modified depending on which school a child
belongsto. The‘random part’ of the model always allowsfor the possibility that the level
of the outcome variable (say the second-year reading score) may be higher or lower
depending on the school, and there is a method of testing whether there are significant
differences of this kind between schools. In addition, it may be possible to improve the
model (that is, make abetter prediction of what the outcome variable - say the second-year
reading score—will be) by allowing the nature of the relationshipsto vary from one school
to another. For example, West Indians might tend overall to achieve poorer second-year
reading scores than white children (after taking account of the effect of other variables);
but there might be some schools where they do better than whites. In that case, the nature
of the relationship between ethnic group and reading score would vary between one school
and another.

Numbers

There were about 3,100 children who attended the study schools for all or part of the
two-year period under study. The number who completed the various tests varies from
2,331 (second year reading test) to 2,731 (first year mathstest). Information on attendance
isavailable for 2,644 children in the first year and 2,559 in the second. The second-year
pupil questionnaire was completed by 2,526 children, and the parental survey covered
2,074 families. The Rutter B2 scoreis available for 1,763 children.

When each instrument is considered on its own, the number of children covered is
satisfactory, and except in the case of the Rutter B2 score there is a reasonable coverage
of every school. However, difficulties do arise when information from several different
instruments is to be brought together in the same analysis. The set of children for whom
information is available changes, depending on the instrument being considered, so when
information from different sources is combined the number of complete records is
considerably reduced.

To minimise this problem, we have included in each particular analysis the children
(and families) for which all the datarequired in that analysis are present. This means that
the set of children included varies somewhat from one analysis to another. There are
strong indications that those excluded in each case are close to being arandomly selected
set. For example, average scores do not vary significantly between the subsets included
in different analyses. The number of children that can be included in any particular model
isusually between 1,200 and 1,400, which is, of course, low in relation to the 2,500 or so
who completed each attainment test. This acts as an important limitation on what can be
done with the data.

Thevariables
All of the variables to be used in the variance components analysis have already been
introduced, but it is worth briefly reviewing them.

Ethnic group

The classification by country of originisessentially based on the country the family ‘ came
fromoriginally’. Acrossall schools, 58 per cent of children comefrom familiesoriginating
from the UK or Eire, 27 per cent from south Asian families (originating from the Indian
sub-continent), seven per cent from West Indian families, four per cent from families of
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mixed origins, and five per cent from other countries. Even on the basis of a crude
classification like the one above (which throws some highly disparate groupstogether) this
is a very fragmented pattern. The only sizeable group, apart from UK/Eire children, is
south Asians, and they are in fact many disparate groups. West Indians are an important
group, but there are too few in our sample for them to be shown separately in a variance
components analysis. We are obliged to use a crude three-way classification into
‘UK/Eire, ‘South Asians' and ‘Others'. The‘others group includes West Indians, along
with children originating from many other countries, and those of mixed parentage. An
aternative principle of ethnic classification is by religion, but country of origin has been
preferred in these analyses.

Social class

Families are classified on the basis of the father’s job, if there is a resident father who is
working or has worked in the past five years, and if not, on the basis of the mother’s job.
The jobs are coded into five groups, which are aggregates of the Registrar General’s 17
socio-economic groups. Inaddition, thereisasixth group of familieswhere neither parent
(or the one parent in single-parent families) had had ajob inthe previousfiveyears. Earlier
analyses have shown that the familieswhere the parents had not worked are an ‘ underclass
group, fitting at the bottom of the scale below the families of unskilled manual workers.
In the variance components analysis, social classistreated as a six-point scale (not as six
separate categories).

Qualifications of parents

This reflects the highest educational or job qualification of either parent. There are five
groups: none; job qualification short of an apprenticeship; school leaving qualification;
apprenticeship; professional or post-school academic qualification. Thevariableistreated
asafive-point scale.

Sex
Overdl the study children are divided amost evenly between the sexes, but there are two
girls schools (15 and 41) and two boys' schools (12 and 42).

Attainment tests

For the most part, the tests used in the variance components analysis are those of maths
and reading completed in September-November 1981 and in July 1983. Full details are
given in Chapter 9. The maths and reading tests used in the first and second years were
not the same nor strictly equivalent, but none of the analytic techniques used assumes that
they were.

Attendance
Thereis a separate variable for number of half days off the register in each school year.

Rutter B2 score

The purpose of including this measure was to control for the possibility that some schools
have a larger intake than others of children with disturbed behaviour. Although the data
are incomplete, it is possible to examine the hypothesis that apparent school differences
are explained by differencesin the proportion of children showing behaviour disturbances.
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Enthusiasm for school

Asthefirst question in the second-year pupil questionnaire, children were asked: ‘ Imagine
that you are lying in bed and you start to wake up, and you think to yourself "It’ s the first
day of term, I’m going to school today". How do you feel? They answered by choosing
one of four points on ascale. This scale has been retained for the variance components
anaysis.

Participation in school activities

Thisis a score from 0O to 4 derived from four items in the pupil questionnaire covering
playing in teams, taking part in plays, concerts and special evenings, going on school trips
or visits, and doing something special in assembly or a house or year meeting.

Index of praise and index of blame

Each of theseindicesisbased on four itemsfrom the pupil questionnaire, producing arange
of scoresfrom0to 4. Theitemsintheindex of praise are about whether the child has been
told that he or she has done good work or done well in any way. Each of theitemsin the
index of blame isthe mirror image of an itemin theindex of praise; theitemsin the index
of blame are about whether the child has been told that he or she has done poor work or
been ‘told off’.

Parents contact with school
The number of visitsthat parents have made to school in the past year isthe main variable
used here.

Parents’ views about the school and the child’s progress

The four ratings discussed in Chapter 6 have been used in variance components analysis.
These are: overall satisfaction with the school; satisfaction with standards of behaviour;
how well the child is getting on with school subjects; how happy the child is at school.

Basic model

The models considered in this section take the second-year reading or maths score as the
outcome, and include four other basic variables: sex, socia class, country of origin, and
the first-year test score in reading or maths. In interpreting the results, it should be
remembered that detailed information about small or localised groups hasto be sacrificed
to allow the multivariate analysis to be carried out. For example, the ethnic classification
is necessarily crude. Diverse groups originating from the Indian sub-continent have had
to be lumped together as ‘south Asians’, and West Indians have been combined with
members of other minority groups. Also, the ethnic groups are very unevenly distributed
across the schools, so that it is difficult for any method of analysis to inter-relate school
effects and ethnic differencesin awholly satisfactory way. The analysisis not a self-vali-
dating mechanism, but just a way of looking at the results that may be helpful if the
problems and difficulties are always borne in mind.

Second-year reading score as the outcome

The model gives a method of predicting the second-year reading score of an individual
child from the child’ s characteristics on four basic variables (sex, social class, country of
origin, and the first-year reading score). Thefinal model, which isfound after examining
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aseries of possible models, isthe onethat is most successful in predicting the actual scores
of theindividual children (often called the model that providesthe‘best fit’). Theanalytic
method provides a criterion of the fit of any model (this criterion is the deviance) and a
test to show whether the fit has been significantly improved by some change to the model,
for example by introducing another variable. Using this criterion, the ‘best fit' model is
found by a process of trial and error, and by making use of a prior knowledge of the
relationships.

In every variance components model, thereis a‘fixed part’ and a‘random part’. The
fixed part describes the relationships without taking account of how the children are
grouped into schools. The random part shows how the results predicted by the fixed part
vary, depending on which school the child belongs to.

Information about the best fit model is summarised in Table 10.1. It is important to
remember that the range of scoresin the Edinburgh reading test that was used in the second
year is0 - 155. The table gives the ‘grand mean’ as 38.92. Thisis the score a child is
predicted to achieve if he fallsinto al of the categories for which the estimated effect is
zero. Thiswould apply to a boy whose first-year reading score was zero, who belonged
to the underclass group and originated from UK/Eire.* The column of ‘estimates’ shows
what is the effect on this prediction of the second-year reading score if the child belongs
to each particular category. The only complication here is that the variables may be
‘continuous’ (a numerical quantity like the reading scores) or they may be ‘categorical’
(the child is or is not a member of each of anumber of categories like ethnic groups). In
the case of continuous variables, the estimate is a factor to be multiplied by the child's
actual score, and the product is then to be added to the grand mean. In other words, the
table shows that for each additional point scored on the first-year reading test, the model
estimatesthat 5.316 additional pointswill be scored on the second-year reading test. (The
first-year reading test has a range of scores from 0 to 15, while the second-year test has a
range of O to 155; that is why one point on the first test counts for as many asfive on the
second.) Inthe case of ‘categorical’ variables, the estimates are just amounts to be added
to the grand mean.

An examplewill illustrate how these estimates are to be used. Taking the case of agirl
who scored 9 on thefirst-year reading test, and who comes from awhite-collar family that
originatesfrom the I ndian sub-continent, the estimate of her second-year reading scorewill
be asfollows.

39.987 grand mean

-2.087  female
9x5.316 = 47.844 first-year reading score was 9
4x1.530= 6.12 from skilled manual family

-4.595 south Asian
87.269 estimated second-year reading score

The standard errors provide a basis for applying tests of statistical significance. Where
the estimate istwice asgreat asthe standard error, the effect issignificant at the 95 per cent
level of confidence. Whereit ismorethan twice asgreat, thelevel of confidenceishigher.

Table 10.1 therefore shows that social class, the first-year reading score and country of
origin are significantly related to the second-year reading score. The (negative) estimate
for females just fails to reach significance at the 95 per cent level; if this estimate were
significant, it would indicate aslight tendency for girls to progress more slowly than boys
in reading over the first two years. It isclear that the first-year reading score has a much
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greater effect than the other two variables (socia class and country of origin) either
severaly or jointly. In the context of the model, there is a difference of 8 pointsin the
second-year reading score between the top and bottom social classgroups, and adifference
of 4.5 points between south Asian children and those originating from the UK or Eire (the
estimate for the ‘other’ ethnic group is not significant). By contrast the first-year reading
score can make a difference of up to 80 points in the estimate of the second-year reading
score (the maximum first-year reading score, which is 15, multiplied by 5.316).

Of course, social class and ethnic group are more closely related to reading scores than
these findings seem to imply, but the point isthat they are related both to the first-year and
to the second-year reading scores. So after allowing for the (enormous) effect of the
first-year reading score in determining the second-year score, there is not much further
effect to be contributed by these other variables. Thereisanother way of putting the same
point. From achild's reading score on entering secondary school, a good prediction can
be made of his or her score at the end of the second year. Further information about the
child' ssocial class and ethnic group will allow the prediction to be improved abit (but not
much). Thisislike saying that achild’ s social class and ethnic group will be just a bit of
help in making a prediction about how far the child will make progressin reading (since
‘progress’ islike*attainment now, after taking account of attainment at an earlier period’).
If the first-year reading score were not included in the model, then social class and ethnic
group would appear to be related to the second-year reading score much more strongly.
Thus, social classand ethnic group are much more strongly rel ated to attainment at a given
time than they are to progress in attainment.

At the point of entry to secondary school, certain categories of south Asian children
(those of Bangladeshi and Pakistani origin) scored substantially below average in reading.
Children of West Indian origin also scored below average at the point of entry, but higher
than the low-scoring south Asian groups. The findings from the basic multivariate model
suggest that south Asians (who have had to be treated as a single group) progressed rather
more slowly inreading over thefirst two years, from thislower starting point. If anything,
therefore, the findings suggest that the gap between the south Asians and other children
was getting wider. However, thisfinding must be treated with caution, since the low- and
high-scoring south Asian groups have been lumped together in the multivariate analysis.
The evidence suggests that West Indian children progressed at a similar rate to white
children over thefirst two years, though again thisresult must be treated with caution, since
West Indians have been lumped with various other minority groups.

So far, the discussion has been confined to the fixed part of the model, which provides
amethod for predicting the second-year reading score of an individual child, but without
taking account of which school the child belongs to. The random part deals with the
possibility that the outcome may vary between schools. The general approach isto show
whether the predictions of the fixed part can be significantly improved by assuming that
there are school differences. The simplest variance components model allowsonly for the
possibility that the ‘grand mean’ may vary between schools: that is, it allows for the
possibility that the second-year reading scores tend overall to be higher in some schools
thanin others, after taking account of thefour independent variables (sex, first-year reading
score, socia class and ethnic group). More complex models alow for the possibility that
the ‘dlopes of the relationships between the four variables and the outcome may vary
between schools: that is, they allow for the possibility that there is variation between
schoolsin the performance relative to each other of different social class or ethnic groups
or of children with high versus low first-year reading scores. |If the grand mean varies
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between schools, this implies that some schools tend to achieve better results than others
overdl. If the lope, for example between the first-year and second-year reading scores,
varies between schools, this implies that some schools achieve their best results with
initially low-scoring children, and others with initially high-scoring children. If al of the
slopes vary significantly between schools, then thereis effectively adifferent model of the
relationships for children in every school.

In the case under discussion, there is an improvement in the predictive power of the
model (significant at a very high level of confidence) by placing the grand mean in the
random part. This shows that there are clear differences between schools in the reading
scores recorded at the end of the second year by children with the same scores and other
characteristicsat the beginning of thefirst year. Thereisafurther improvement, significant
at the 99 per cent level of confidence, when ethnic group isplaced in therandom part. This
suggests that some schools achieve their best results with white British children, while
others achieve their best results with south Asians or others. However, this latter result
should be treated with caution. The (inevitable) crudity of the ethnic classification has
been emphasised: it is quite possible that the results are influenced by the more particular
ethnic groups that are present in individual schools, and there is not enough room in the
sampleto compare likewith like (the south Asiansin one school may beradically different
in origin from those in another with which it is being compared). There is aso an
improvement in the predictive power of the model, significant at the 95 per cent level of
confidence, when socio-economic group is placed in the random part. Thisresult should,
again, betreated with some caution, but it seemsto imply that thetendency for middle-class
children to progress faster than working-class children is stronger in some schoolsthanin
others. The best fit model, then, is one with both country of origin and socio-economic
group in the random part. All of the estimates shown are derived from this model.

Table 10.2 illustrates the scores predicted by the fixed part of the model. It shows that
achild' s second-year reading score varies much more with respect to hisfirst-year reading
score than with respect to socio-economic group or country of origin.

In the best fit model, the proportion of the variance attributable to the school level
dependson the socio-economic group and country of origin of thechild under consideration
(see Appendix 2). Inthecaseof achild of UK origin, for example, the school level accounts
for 14 per cent of the variance within the ‘underclass group, for 17 per cent within the
professional and managerial group and for about 9 per cent within the skilled manual group.
Among those belonging to the ‘other’ origin group, the proportion of the variance
attributable to the school level is about the same as among the UK origin group; it israther
smaller among south Asians (see Table Al in Appendix 2).

These findings show that shool differences are of great importance. Thisisillustrated
by Table 10.3, which shows the second-year reading scores predicted by the model for a
boy belonging to a skilled manual family originating from the UK or Eire, and who had a
first-year reading score of 6 (whichiscloseto the average). The model predictsthat if he
went to school 43, this boy would obtain a second-year reading score of 62, but if he went
to school 33 he would obtain ascore of 91.2 Thisis asubstantial differencein the light of
the stability of individual performance over time (see the discussion in Chapter 3). A
difference of 29 points on the Edinburgh Reading Test (which has arange of 155) may be
small compared with the huge variations associated with the accidents of birth and
upbringing, but it could well be enough to have a critical influence on a person’s life
chances. Also, differencesof thiskind would build up over successive periods (the present
model is confined to a period of less than two years).
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Table 10.3 illustrates the differences between the results produced by the schoolsfor a
childwith agiven set of characteristics. Thefindingsimply, however, that the performance
of the schools relative to each other varies depending on the kind of child that is being
considered. Thereis, however, aset of schoolsthat isfound to perform better and one that
is found to perform worse than average with most kinds of child. It is fairly clear, for
example, that schools 33 and 25 achieve better than average results, while schools 35 and
43 achieve worse than average results.

Previous research has found that the balance of the intake is related to children’s rate
of progress; children in schools where the average scores of entrants are relatively high
tend to progress better than those in schools the initial scores are lower.® However, this
factor does not seem to explain differences between schools in the present study in terms
of progressin reading over thefirst two years. Thereisno significant correlation between
the balance of intake and the second-year reading scores predicted by the model.* Nor is
there a significant correlation between the second-year reading scores and the proportion
of pupils belonging to ethnic minority groups.”

Second-year maths score as the outcome

An analysis was carried out on the pattern of the one just described, but taking the
second-year maths score as the outcome instead of the second-year reading score. Of
course, when trying to predict the second-year maths score, the first-year mathsrather than
reading score is used as an independent variable. Thus, the four independent variables
included in the model are sex, first-year maths score, social class and country of origin.
Information about the best fit model is summarised in Table 10.4.

Therange of the second-year maths scoreis0to 60, and the mean score acrossthewhole
sample is about 31. The range of the first-year maths score is smaller (0 to 30). The
estimates shown in Table 10.4 imply that there is a very strong relationship between the
two maths scores. For each additional point scored on the first-year test, it is estimated
that 1.297 additional pointswill be scored on the second-year test. From the standard error
itisclear that thisrelationship issignificant at avery high level of confidence. Socia class
is aso clearly related to the second-year maths score, but the effect is fairly small in the
context of the effect of thefirst-year score. Children belonging to the ‘ other’ ethnic group
(which includes West Indians) score significantly lower than the rest in the context of the
model; this effect is small, but significant at a high level of confidence. The difference
between boys and girlsis not significant.

The scores predicted by the fixed part of the model areillustrated in Table 10.5.

When the grand mean is placed in the random part, thereis an increasein the predictive
power of the model which is significant at a very high level of confidence. The best fit
model isone that also hasthe first-year maths scorein the random part. The improvement
in the predictive power of the model achieved by placing the first-year maths score in the
random part is significant at the 99 per cent level of confidence. These findings show that
there are significant differences between the results achieved in the second-year mathstest
by childrenindifferent schools, after taking account of their earlier scoresand other factors;
and that there are significant differences between schools in the slope of the relationship
between the first and second-year maths scores. This second finding implies that some
schools do relatively well with initialy low-scoring pupils, and others with initially
high-scoring pupils.

The schools where initially low-scoring children improved most were schools 12, 14
and 45. Those where initially high-scoring children improved most were 31, 33 and 42.

158



Attaintment in reading and maths

Thisshould be anindication that schoolsin thefirst group emphasi se remedial maths, while
those in the second group emphasise maths for high achievers.

The school differences account for between 6 and 10 per cent of the variances in
second-year maths scores (see Table A2 in Appendix 2). Taking as an example a boy
belonging to askilled manual family originating from the UK and who achieved amiddling
score of 16 on the first-year maths score, the model predicts that if he went to school 12
he would score 27, while if he went to school 33 he would score 36. These two schools
are at the extremes of the range. Table 10.6 shows further examples of scores predicted
within different schools. The analysis suggests that the relative performance of the
different schools will vary depending on the prior attainment of the child in maths. For
any given child, the schools are spread out fairly evenly across the range of performance.

Because of the complexity of the relationships, it is difficult to say whether the same
schools achieve good and poor results with both reading and maths. It is, however, quite
clear that school 33 does particularly well at both. This school has alower proportion of
children from ethnic minority groups (12 per cent) than any other school in the study. It
hasno West Indian children. Itssocial classcompositioniscloseto the averagefor schools
in the study. The reading scores for children at this school on entry were close to the
average for all children in the study, but the maths scores of entrants were well above the
average, as were their non-verbal reasoning scores.

Further models

Taking the second-year reading and maths scores as the outcomes of schooling, the last
section described statistical modelsthat show how far and in what way these outcomes can
be predicted from the sex, social class and ethnic group of the child and from the first-year
score in elther reading or maths. It went on to consider how much these predictions can
be improved by allowing for the possibility that children do better in some schools than
inothers, and, further, for the possibility that therelative progress of different groupsvaries
between schools. The provisiona conclusion was that there are important differences
between schools, both in the general level of progress in reading and maths, and in the
ability groups, and possibly the ethnic groups, that achieve the best progress.

This section examines the results of adding further variables to the model. One reason
for doing thisisto check that the provisional conclusions are sound. There might be other
characteristicsof children not so far taken into account, such asdisturbed behaviour, which
would reduce or increase the estimated school differences. A second reason for including
further variables is to explain and understand more of the differences in achievement
between children and, possibly, schools.

Each further analysis starts from the basic model with the four independent variables
(sex, first-year test score, social class and ethnic group) then adds the one further variable
that is under consideration. If the further variables were added cumulatively, the model
would soon become too complex. Instead, the procedure starts from the assumption that
the four basic variables are basic and must always be taken into account. The further
variables are tested one by one, to seeif they have a significant effect in combination with
and on top of the basic variables.

Rutter B2 score

Children having emotional or behavioural problems may be expected to progress more
slowly as aresult, and schools may differ in the proportion of children entering them who
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have problems of thiskind. We have used the Rutter B2 scale (filled in by primary school
teachers about four months after the children had left primary school) as an indicator of
behavioural problems. Table 5.6 (on page 83) shows that there are some notable differ-
ences between schools in the scores on the behaviour scale. It is therefore important to
establish whether the conclusions would be affected by taking account of these scores.

Unfortunately, there was a substantial shortfall of response for certain schools (see
Chapter 5). The B2 scores are available for 1,854 children atogether, but when this
variable is combined with others in the model, the number of children included in the
anaysisisonly 714. Consequently, our estimate of the effect of additionally controlling
for the B2 scoreis not very robust. Inthe model with the second-year reading score asthe
outcome, we do find a significant relationship with the Rutter B2 score; the estimate is
-0.367, and the standard error of thisestimateis0.116. In other words, it is estimated from
themodel that for each additional point onthe B2 scorethereisadecrease of about one-third
of apoint on the second-year reading score. Thisisnot much, as the reading score has an
upper limit of 155. Theeffect isvery small indeed compared with the effect of thefirst-year
reading score, for which the estimate is 5.078. In principle, this effect seems much too
small to have a significant influence on the random part of the model (that is, on the
estimates of school differences). However, this cannot be tested directly, because of the
large amount of missing datain certain schools. Thesefindingssuggest that theprovisiona
conclusionsdo not haveto be modified after taking account of differences between schools
in the number of children entering them with behavioural problems.

In the model with the second-year maths score as the outcome, there is no significant
relationship with the Rutter B2 score, and no indication, therefore, that the provisional
conclusions need to be modified.

A different analysis shows that there is a straightforward correlation between the B2
score and the test score achieved by achild at any particular stage. Thiscan beillustrated
by the correlation coefficients between the B2 scores and the test scores, which are shown
below.

First year

Writing -0.26
Reading -0.23
NVR -0.24
VR -0.24
Maths -0.25
Second year

VR -0.26
Maths -0.25
Reading -0.21

A high B2 scoreindicatesbehaviour disturbance, so the negative correl ation coefficients
mean that disturbed behaviour is associated with low scoring on the tests, as might be
expected. The coefficients shown are not very large: they indicate that the B2 score is
associated with about six per cent of the variancein test sores. But theresult obtained from
adding the B2 scoreto the model suggeststhat thisfairly low level of correlationismediated
by the basic variables: in other words, the B2 score adds very little when the basic variables
are already taken into account. We cannot draw this conclusion with great confidence,
however, because of the response shortfall on the B2 scores.
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Non-verbal reasoning

Thereason for including atest of non-verbal reasoning among those taken at the beginning
of thefirst year was that thisis areliable test of an aspect of intellectual performance that
is related less than any other to knowledge of a particular language. We would expect
childrenwhosefirst languageisnot Englishto beat |ess of adisadvantage onthe non-verbal
reasoning test than on the other tests. Results already shown in the Chapter 9 confirm that
thisis so, though the difference is not very large.

For thisreason, including thefirst-year score on non-verbal reasoninginthemodel could
make animportant differenceto theresult, becauseit might improve our capacity to explain
or predict the later performance of Asians who initially had poor English. In fact, we do
find that non-verba reasoning has a considerable and statistically significant effect on
second-year reading and maths scores.

We find that each point on the non-verbal reasoning (NVR) score isworth 1.16 points
on the second-year reading score, and this estimate is significant at a very high level of
confidence (the standard error is 0.11). With NVR included in the model, the estimated
effect of the first-year reading score is a bit lower than without it (4.58 instead of 5.37).
The effect of the first-year reading score is nearly two and a half times as great as that of
the NVR score, after allowing for the difference in the range of the two scores (0-15 and
0-25 respectively).

Each point on the NVR score isworth 0.32 points on the second-year maths score, and
this estimate is also significant at a very high level of confidence (the standard error is
0.046). With NVR included in the model, the estimated effect of thefirst-year maths score
isabit lower than without it (1.15 instead of 1.31). The effect of the first-year maths score
is, therefore, about four times as great as that of the NVR score, allowing for a difference
in the range of the two scores (0-30 and 0-25 respectively).

From these findings, NV R has moreimportance in predicting reading than maths (after
taking account of thefirst year reading or maths score). Thisconfirmsthat thetestisdoing
what we expected of it. Some children are put at a disadvantage in the reading test
specifically because they have not yet adapted to using English (instead of another
language). Adding the NV R score allows usto make a better assessment of how they will
later doinreading. Theeffectislesspronounced inthe caseof maths, because performance
on theinitial mathstest is less closely related to knowledge of English than performance
on the reading test; also NV R and maths are more closely related than NV R and reading,
so when seeking to explain maths scores, NVR adds | ess.

These findings show that NVR has some importance when explaining second-year
reading and maths scores. But when we go through the rest of the analysis with a model
including NVR, the general pattern of theresultsisvery little affected. School differences
still account for the same proportion of the variation and the same schools are identified
as performing better or worse than average. Thus, athough NVR does have some
importance in itself, including it in the analysis does not affect the conclusions reached so
far.

Use of English score among south Asians

We have shown in Chapter 9 that the test scores, and the reading scoresin particular, vary
considerably among south Asians depending on how far they use languages other than
Englishinvariouscontexts. It isimportant to establish whether progressin reading among
south Asians is similarly related to use of other languages. Table 10.7 sets out the main
results of avariance components analysis carried out among south Asians only, taking the
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second-year reading score as the outcome, and including the use of English score in the
model in addition to the basic variables. The use of English score is shown to be
significantly related to the second-year reading score in the context of the model (95 per
cent level of confidence). The estimateisnegative, which meansthat south Asian children
tend to progress more slowly in reading over the first two yearsto the extent that they use
languages other than English in various contexts. Thisis afairly important factor: there
is a predicted difference of between 8 and 9 points on the second-year reading score
between south Asian children scoring O on the use of English score and those scoring 7.
This finding shows that the south Asian children who speak mainly other languages are
tending to fall further behind in reading over the first two years.

The main model with the second-year reading score as the outcome apparently shows
that the relative progress of different ethnic groups varies between schools. This result
must be interpreted with caution, since disparate ethnic groups have had to be lumped
together; for example, south Asiansin one school may havedifferent ethnic originsin detail
from those in another. In particular, their linguistic background may be widely different.
The need for caution is underlined by the finding that progressin reading is related to the
use of languages other than English.

Other background variables

We found in Chapter 9 that the test scores are associated with parents qualifications as
well as their socio-economic group. Within particular socio-economic groups, there was
asmall difference in the children’ s test scores according to the parents’ qualifications. In
line with this, when the highest qualification of the parents is added to the variance
components model, it isfound to have a small but statistically significant effect on top of
the effect of the basic variables. However, the addition of this variable does not affect the
results or conclusions in an important way.

Further models have been set up with each of the following variables added, in turn, to
the basic four: absences from school in 1981/2 and in 1982/3; whether one parent at |east
was in work in the summer of 1982; whether thereisasingle parent or two parents. None
of these background variablesis significantly related either to the second-year reading or
to the second-year maths score in the context of the model.

The analysis in Chapter 7 suggested that school attendance is a reflection of severa
contrasting influences, such as rebelliousness, dislike of school, presence of an adult at
home, demandsto help out at home, degree of emphasi s placed by the parents on education.
It appearsto bea‘hard” measure, but in fact it does not relate to asingle dimension. Also,
levels of attendance are rarely so low as to represent an important educational handicap.
Thesetwo points probably explain why attendanceisnot asignificant influence on progress
in reading and maths over the first two years.

Whether or not the parents are unemployed would be related to test scores on its own,
but something like this variable is aready incorporated in the analysis, since one of the
social class groupsisfamilieswhere the parents or parent had not had ajob in the previous
fiveyears. That isprobably why no further effect is shown.

From the results shown in Chapter 9, it is not surprising to find that there is no clear
influence according to whether thereis asingle parent or two parents. Thisis becausethe
prospects of children of single parents seem to vary markedly depending on whether or
not the parent has ajob, yet the numbers are too small for us to take account of this point
in the multivariate analysis.
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Participation

Thereisafairly strong relationship between the level of attainment in absolute terms and
the level of participation in school activities. At the sametime, as described in Chapter 7,
there are fairly large differences between schools in the level of participation (this point
will be further pursued in Chapter 11). This opens up the possibility that participation in
school activities may be bound up in some way with differences between schools in
attainment at the end of the second year.

Taking the second-year reading score as the outcome, Table 10.8 shows the fixed part
of amodel with the participation score added as one of the independent variables. This
model showsasignificant relationship between the participation score and the second-year
reading score. The relationship is not particularly strong. The figures imply that a child
with the maximum participation score of 4 would achieve asecond-year reading scorefive
points higher than a child with the minimum participation score of 0. Still, thisis greater
than the differences shown between ethnic groups and about half asgreat asthe social class
differences.

A similar model can be set up with the second-year maths score as the outcome and
with participation added as one of the independent variables. The results are shown in
Table 10.9. This model again shows a significant relationship between the participation
score and the outcome - this time the second-year maths score. Again the relationshipis
not particularly strong, but the influence of participation is about as great as that of ethnic
group.

Thereislittleevidencethat the differences between schoolsinrates of progressachieved
are associated with differences in levels of participation, for with the participation score
controlled, school differencesin progressin reading and maths apparently remain the same.

Further evidence can be provided by plotting the average participation score at the
school level against ameasure of the progress achieved by the school in maths or reading.
Thereisno significant correl ation.®

These findings suggest that participation is somehow bound up with academic perform-
ance at the individual level. Children with high participation scores tend to attain well in
absolute terms and show better progressin attainment. However, thereis no evidence that
participation helpsto explain differences in academic performance between schools. This
may be because the sample of schoolsistoo small to demonstrate afairly weak effect.

Index of praise and index of blame

When the index of praise is added to the model, we find no significant relationship with
the second-year test scores in either maths or English. With reading as the outcome, the
estimate for the effect of the index of praiseis negative (-0.46 against a standard error of
0.45) which certainly makes the point that there is no tendency for praise to be associated
with good progress.

But thereisarel ationship between theindex of blameand progressin reading and maths,
arelationship that issignificant at ahigh level of confidencein both cases (see Tables10.10
and 10.11). In the case of maths, the index of blame seems to be more strongly related to
progressthan participation. Children belongingtothe*other’ ethnic group (whichincludes
those of West Indian origin) had a significantly poorer rate of progress in maths than the
rest, and also had higher scores on the index of blame. This suggests the possibility that
poor progress in maths among children of West Indian origin may be related to discour-
agement by teachers.
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One of theitemsin the index of blame is about being ‘told you have done poor work’,
while the other three are about having been ‘told off’. It seemsvery unlikely that children
whose attainment in the second year is poor compared with their attainment at the point
of entry are being identified and ‘ told off’. For thisreason, the theory that the process runs
from poor progress to negative messages from teachers seems unattractive. It seemsmuch
more likely that the process runs from negative messages to poor progress. that children
who are often criticised tend to progress owly as aresult.

Thereis, however, no evidence that the level of negative messages to children helpsto
explain differences between schools in progress in reading or maths. When the average
index of blame at the school level is plotted against a measure of progress, no significant
relationship is found, though the non-significant relationship isin the expected direction.’

These results demonstrate that the level of negative messages is bound up with
individual progress, but do not show that it helpsto explain differencesin rate of progress
at the school level. Thismay be because the sample of schoolsistoo small to demonstrate
afairly weak effect.

Enthusiasm for school
Enthusiasm for school is not significantly related to progress in reading or maths over the
first two years.

Number of English and maths teachers

To obtain an indication of the stability and continuity of the teaching they had received,
children were asked ‘How many English teachers have you had at this school? and the
guestion was repeated for maths teachers. With the second-year reading score as the
outcome, the number of English teacherswas added to themodel, and with the second-year
maths score as the outcome, the number of maths teachers was added.

The number of maths teachers is not significantly related to the outcome in any way.
Thenumber of Englishteachersisnot significantly related to the second-year reading score
in the fixed part of the model, which means that there is no significant association when
the grouping of children into schoolsisignored. Theweak relationship shown, which just
failsto reach significance at the 95 per cent level of confidence, isin the expected direction
(moreteachersisassociated with poorer performance). When the slope of the relationship
between the number of English teachers and the reading score is allowed to vary between
schools, the model is significantly improved (95 per cent level of confidence).

On the whole, these findings suggest that stability of English teachers is mildly
associated with progress in reading, but the relationship is weak.

Parental attitudes and contact

There are some relationships between children’s attainment in absolute terms and their
parents’ attitudesand their level of contact with the school. Thesewill befurther discussed
in Chapter 11. However, when variablesto do with parents’ attitudes and contact with the
school are added to the basic model, the results show that these variables are not
significantly related to children’s progress in reading or maths.

Conclusions

At the point of entry to secondary school, certain categories of south Asian children scored
substantially lower in reading and maths than the average for the children tested. Children
of Bangladeshi origin achieved the lowest scores (lower in maths than in reading) but
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children of Pakistani origin also scored substantially below average. Children of West
Indian origin also scored below average at the point of entry, but considerably higher than
the low-scoring south Asian groups.

By the end of the second year, the relative position of the different ethnic groups in
maths and reading was much the same as at the point of entry: if anything, the gap had
grown wider. When the second-year reading score is regarded as the outcome, a multi-
variate analysis shows that, after taking account of the first-year reading score, sex and
social class, south Asians scored significantly lower than children of UK origin, while the
‘other’ group (which includes West Indians) scored about the same. Thisis roughly the
same as saying that progress in reading was slower over the first two years of secondary
school for south Asiansthan for white children. Inthe case of maths, the progress of south
Asian children (from a substantially lower baseline) was not significantly different from
that of children originating from the UK. However, the progress of other ethnic minorities
(including West Indians), from alower starting point than that of children originating from
the UK, was rather slower.

South Asians who use languages other than English in various contexts tend to achieve
lower test scores at the point of entry to secondary school than those who only use English.
A multivariate analysis showsthat, in addition, the south Asian children who speak mainly
other languages are tending to fall further behind in reading over thefirst two years. This
suggests that linguistic background may explain the general tendency for south Asiansto
progress more slowly than white British children. It also underlines the need for caution
in making comparisons between the results achieved by different schools with south
Asians, as there is not room to take account of the particular ethnic and linguistic
background of south Asiansin each particular school.

There is clear evidence of substantial differences between schools in the level of
attainment in reading and maths at the end of the second year, after allowing for attainment
at the point of entry, and for other factors. In other words, the rate of progressin reading
and maths over the first two years is substantially better in some schools than in others.
Also, thefindings show that some schoolsachievetheir better resultsin mathswithinitially
low-scoring children, and others with initially high-scoring children. From this it seems
that certain schools concentrate on remedial maths, while others concentrate on maths for
high achievers. These school differences do not arise because of differences in ethnic
composition, and they are larger than the differences in progress between ethnic groups.
Therefore, which school a child goes to is more important than which ethnic group he or
she belongs to as an influence on the rate of progress in reading and maths.

The main multivariate models on which these conclusions are based take account of
sex, the first-year test score, social class and ethnic group. Further analyses have been
carried out to check the effects of other background factors (the level of disturbed
behaviour, the non-verbal reasoning score and parents’ qualifications, among others). The
findings do not alter any of the main conclusions.

Participation in school activities is somehow bound up with academic performance at
theindividual level. Children with high participation scorestend to attain well in absolute
terms and show better progress in attainment. However, there is no evidence that
participation helpsto explain differences in academic performance between schools. This
may be because the sample of schoolsistoo small to demonstrate afairly weak effect.

There is no tendency for praise from teachers to be associated with good progressin
reading or maths, but there is a clear tendency for children to progress more slowly to the
extent that they are criticised by teachers. It seems very unlikely that children whose
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attainment in the second year is poor compared with their attainment at the point of entry
are being identified and ‘told off’. It seems much more likely that children who are often
criticised tend to progress slowly asaresult. Thereis, however, no evidence that the level
of negative messages to children helps to explain differences between schools in progress
in reading or maths. Again, this may be because the sample of schools is too small to

demonstrate afairly weak effect.
Notes
1. Infact, the socio-economic scale is scored from 1 (underclass) to 5 (professional or
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managerial), so thereisno zero value. Thus 1 x the estimate for social class hasto be
added to the grand mean even for the underclassgroup. Thisdoesnot affect thegeneral
principle that the estimates are to be added to the grand mean.

These two schools are the extreme cases. The figures quoted are only illustrative,
since there is no method for determining the confidence limits of these predicted
values.

For areview of the evidence on this point, see Rutter (1983).

To test the hypothesis about balance of intake, the posterior means for the 18 schools
were plotted against the mean first year reading scores. The correlation between these
two statistics (r = 0.247) is not significant at the 95 per cent level of confidence. For
the purpose of this test, the random effect of ethnic group at the school level was
ignored, asthisfinding is not robust (see the text). The school means of the first-year
reading scores were used as the measure of balance of intake.

The percentage of pupils not originating from the UK or Eire was plotted against the
posterior means for the second-year reading scores (see note 4 above). The value of
r (the correlation coefficient) was -0.299, which is not significant at the 95 per cent
level of confidence. Of course, a significant result might be obtained with a larger
sample of schools. A negative correlation would indicate that schools with a large
proportion of ethnic minority pupils tend to achieve slower progress than those with
asmall proportion.

Asbefore, the measure of progressisthe posterior meansfor the 18 schools, not taking
account of the random effect of ethnic group (in the case of reading) or of thefirst-year
maths score (in the case of maths). When the posterior mean is plotted against the
mean participation score for the school, the value of r (the correlation coefficient) is
-0.066 in the case of reading and -0.148 in the case of maths. Neither result is
significant at the 95 per cent level of confidence.

As before, the measure of progress was the posterior mean for each school (see note
6 above). This was plotted against the mean score on the index of blame for each
school. The value of r (the correlation coefficient) was -0.256 in the case of reading
and -0.102 in the case of maths. Neither value is significant at the 95 per cent level
of confidence.



